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The prevalence of weight problems is increasing worldwide. There is growing evidence
that high body mass index (BMI) is associated with frontal lobe dysfunction and deficits
in cognitive control. The present study aims to clarify the association between weight
status and the degree of impairment in cognitive flexibility, i.e., the ability to efficiently
switch from one task to another, by disentangling the preparatory and residual domains
of task switching. Twenty-six normal weight (BMI < 25, five males) and twenty-six
overweight (BMI ≥ 25, seven males) university students performed a task-switching
paradigm that provides a relatively well-established diagnostic measure of proactive vs.
reactive control with regard to cognitive flexibility. Compared to individuals with a BMI
lower than 25, overweight (i.e., ≥25) was associated with increased switching costs
in the reactive switching condition (i.e., when preparation time is short), representing
reduced cognitive flexibility in the preparatory domain. In addition, the overweight group
reported significantly more depression and binge eating symptoms, although still indicating minimal depression. No between-group differences were found with regard to
self-reported autism spectrum symptoms, impulsiveness, state- and trait anxiety, and
cognitive reactivity to depression. The present findings are consistent with and extend
previous literature showing that elevated BMI in young, otherwise healthy individuals
is associated with significantly more switching costs due to inefficiency in the retrieval,
implementation, and maintenance of task sets, indicating less efficient cognitive control
functioning.
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INTRODUCTION
The prevalence of weight problems is increasing, as more and more people worldwide suffer from
overweight and obesity (1). Overweight and obesity are defined as “abnormal or excessive fat accumulation that may impair health,” also referred to as adiposity (1). In order to classify overweight or
obesity, the body mass index (BMI) is used as an index of weight-for-height in kilograms per square

1

October 2017 | Volume 4 | Article 51

Steenbergen and Colzato

Overweight and Reactive Control in Task Switching

meter (kg/m2). A BMI higher than 25 indicates overweight,
whereas a BMI equal to or higher than 30 indicates obesity (1).
The prevalence of obesity has more than doubled since 1980, with
most of the world’s population now living in countries where
adiposity (i.e., overweight and obesity) is a more frequent cause of
death than underweight (1). The increase in prevalence seems to
continue unabated and could be regarded as a modern epidemic
(2, 3). Adiposity is a major public health concern as it poses a
risk factor for cardiovascular diseases, diabetes, musculoskeletal
disorders, and some forms of cancer (1). In addition, adiposity is
associated with suicidal tendencies (4), decreased self-esteem and
social functioning (5), depression (6, 7), and an increased risk
for Alzheimer’s disease (8).
The relative sudden onset of adiposity suggests a relation
with changes in our environment. The increased availability of
high-caloric food and the reduction in physical activity seem the
most important contributing factors (1, 9, 10). But despite these
changes in environment, not all individuals get overweight or
obesity, that is, some individuals are more prone than others.
An explanation for this may be found in individual differences
that influence the way in which we interact with the changed
environment. Although genetic differences have been found to
be related to one’s susceptibility to obesity (11), the genetic pool
cannot change to such an extent in only a few decades. Genetic
factors and differences in metabolic efficiency are therefore
not sufficient in explaining why some individuals tend to gain
excessive weight more than others. Although it seems logical
therefore to assume that differences with regard to the preference
for high-caloric food might explain differences in weight status, it
is more likely that an inability to control overeating or binge eating contributes to overweight and obesity (12). Indeed, a recent
review by van Meer et al. (13) concluded there is no unequivocal
association between food preference and weight status, making
it more likely that weight status is related to problems in dealing
with food cues and the motivation to eat, rather than differences
in preference or pleasure. Insight into cognitive control functions
related to overeating and overweight may therefore be important
for the development of preventive interventions.
There is growing evidence that higher BMI is related to both
structural and functional brain differences. For example, BMI
was found to relate linearly to reduced prefrontal metabolism in
healthy adults with a BMI between 19 and 38 kg/m2 (14) and
temporal lobe atrophy in elderly individuals with a BMI ranging
from 17 to 38 kg/m2 (15). When assigning individuals to groups
based on BMI [i.e., BMI < 25 = normal weight, BMI ≥ 25 but
<30 = overweight, BMI ≥ 30 = obese, see Ref. (1)], studies report
similar results. For example, when looking at individuals across
the lifespan, obese individuals, compared to overweight and
normal weight individuals, demonstrated reduced whole brain
and total gray matter volume (16) and reduced white matter
tract integrity (17). In addition, reduced functional connectivity
in the default mode and temporal lobe networks was observed
in obese compared to normal weight younger adults (i.e., aged
22–29 years) (18). In older adults (aged 70–80 years), obese compared to normal weight, but not overweight, individuals are found
to demonstrate lower task-related functional connectivity during
finger tapping in the default mode network (19). Altogether,

these studies indicate possible underlying mechanisms by which
elevated BMI may relate to altered brain functioning and subsequent behavior.
Furthermore, high BMI seems to be associated with chronic
low-grade inflammation and with augmented production of
pro-inflammatory cytokines (20, 21). Cytokines released at the
periphery of the body are known to enhance the production of
brain-produced cytokines (22). Interestingly, there seems to be a
solid link between the effects of inflammation in the brain and the
release of dopamine (DA). Indeed, in a group of rhesus monkeys,
the supplementation of Levodopa (DA agonist) compensates
for the damaging effect of cytokines on striatal DA release (23).
This connection between the effects of inflammation in the brain
and the release of DA may account for the detrimental effect
of dopaminergic driven cognitive functions observed in obese
and overweight individuals. Indeed, overweight and obesity
are associated with less responsive DA functioning, less striatal
DA-D2/D3 receptor density, and diminished phasic striatal DA
signaling (24–27). Using positron emission topography, Volkow
and colleagues (14, 28) demonstrated that reductions in baseline
prefrontal metabolism were related to decreased memory- and
executive performance, often thought to rely on fronto-striatal
structures (29), suggesting structural differences associated with
elevated BMI are associated with decreased cognitive functioning.
Further support for this idea comes from the association between
elevated BMI and dysfunctions in executive function across the
lifespan (30). More specifically, higher BMI has been associated
with poorer inhibitory control as assessed using self-report and
behavioral measures in overweight and obese but otherwise
healthy individuals across the lifespan (30–35). Although findings
are not unequivocal and it has been put forward that behavioral
measures may be more adequate than self-report measures for
assessing inhibitory control in overweight or obese individuals
(33), other studies demonstrate no difference with regard to
behavioral inhibitory control as measured by the Stop Signal task
(36) and the Stroop task (14). High BMI has furthermore been
associated with impairments in memory performance in obese,
elderly (i.e., aged 55–88 years), men but not women (37), and
impairments in cognitive flexibility as measured by a paper and
pencil version of the Stroop paradigm in overweight and obese
adolescents (aged 12–17 years) (38). Importantly, dysfunctions in
cognitive control (e.g., cognitive flexibility) reflect an impairment
in one’s ability to self-regulate a number of mental processes that
are needed in order to accomplish task-goals, the importance of
which becomes apparent when looking at individuals suffering
from such dysfunctions [e.g., in Parkinson’s disease, attention
deficit hyperactivity disorder, addiction or obsessive–compulsive
disorder, see also Ref. (29)].
According to Cools and D’Esposito (39), cognitive flexibility
[i.e., a key cognitive control function (40)] is modulated by
striatal DA in a way that it facilitates the updating of information
(e.g., about the current task set) in working memory. Indeed,
administering the DA-D2 receptor agonist bromocriptine to
individuals with low baseline working memory capacity resulted
in potentiation of striatal activity and decreased switching
costs (41), indicative of enhanced cognitive flexibility (40, 42).
In addition, administering tyrosine, the chemical precursor of
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DA and (nor)adrenalin, enhanced task-switching performance
(43). Propranolol, a central and peripheral beta-adrenergic
antagonist, did not affect task-switching performance (44), as
such contributing to the idea of a key role of DA in task switching. Interestingly, elevated BMI has been associated with both
impairments in functional connectivity in the fronto-striatal
pathways and DA functioning (8, 14, 18, 19, 24, 25). Hence, given
the link between DA pathways and cognitive flexibility, and the
link between increases in BMI and DA functioning, the current
study focuses on further investigating the relation between BMI
and cognitive flexibility.
More specifically, a process-pure measure of cognitive flexibility has been represented by task-switching performance
(40, 42). Switching costs are thought to consist of two major components: a preparatory component and a residual component, also
referred to as reactive vs. proactive task switching, respectively
(45). Using the task-switching paradigm as developed by Rogers
and Monsell (46), it is possible to disentangle these components
and gain insight in which processes may be affected by elevated
BMI. In this paradigm, the sequence of tasks is predictable
(i.e., AABBAABB, etc.). The time between the previous response
and the upcoming stimulus [i.e., the response-stimulus interval
(RSI)] can therefore be considered as preparation interval.
Accordingly, when switching from one task to the other, participants make use of this preparation interval to reconfigure the
cognitive task set to the demands of the upcoming task. However,
the shorter this interval, the less likely the reconfiguration is
completed when the next stimulus is presented. Following this, a
greater increase in reaction time (RT) on a switch trial (i.e., the
switch cost) is usually observed with shorter RSIs, reflecting preparatory switch costs related to processes underlying the retrieval,
implementation, and maintenance of task sets [i.e., reactive task
switching (46)]. When the RSI is sufficiently long, however, the
preparatory component is nearly eliminated (47), but a residual
component reflecting inertia or stimulus triggered re-activation
of the old task set remains that occurs after stimulus presentation
[i.e., proactive task switching; see Ref. (42, 48)]. As the neurobiological and functional neuroanatomical systems related to
cognitive flexibility seem somewhat dysfunctional or impaired in
overweight individuals, we hypothesize overweight individuals
who show impaired cognitive flexibility, as reflected by increased
switch costs. Disentangling the preparatory vs. the residual component in relation to overweight may give important insights as
to how (decrements in) cognitive control mechanisms are related
to overweight, and what preventive measures may focus on.
An effect of overweight on the preparatory component would be
visible in effects on switching costs when the RSI is short, while an
effect on the residual component would be visible on switching
costs when RSI is long.
As mentioned earlier, the inability to control excessive food
intake (i.e., overeating or binge eating) may be related to less efficient cognitive control (12, 49) and trait impulsiveness (35, 50),
but see Ref. (33). We therefore predict overweight individuals, in
addition to increased switching costs, to report more symptoms
of binge eating and higher trait impulsiveness. In addition, we
assessed anxiety [i.e., as measured with the state-trait anxiety
inventory (STAI) (51)], depression [i.e., using Beck’s Depression

Inventory II (BDI-II) (52)], cognitive reactivity [i.e., using the
Leiden index for depression sensitivity-revised (53)], and autistic
traits [i.e., using the Autism Quotient (54)], as overweight and
obesity have been demonstrated to relate to anxiety and depression (55–57), cognitive reactivity to sad mood (58), and autism
(59). Despite BMI being the main classification system for overweight and obesity (1), studies suggest fat percentage, waist circumference, and waist-to-hip ratio may be additional important
factors in determining overweight [for a review see Ref. (60)]. For
example, increases in BMI may be related to increases in muscle
mass rather than fat mass. The other way around, when a person
has increased body fat but decreased muscle mass, BMI may not
be elevated (61). Therefore, in the current study, we assessed these
factors in addition to standard BMI measurements.

MATERIALS AND METHODS
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Participants and Design

Participants were 52 healthy adults (12 males) aged 18–26 years
(M = 20.33, SD = 2.14) who received course credit or a small
monetary reward for participation. Using a covert recruitment
strategy, potential volunteers were asked to fill in a questionnaire
that assessed their general health and other preferences (e.g., religious belief and preferred temperature). Specifically, participants
were asked the following questions: (1) What is your age? (2) Do
you feel healthy? (3) How tall are you? (4) How much do you
weigh? (5) Are you baptized? (6) How often are you going to the
mosque or church? (7) How often do you pray? (8) How many
hours a week do you play video games? (9) Since what age do
you play videogames? (10) Do you have a certain phobia? If so,
for what? (11) Do you prefer the heater high or low? (12) Do you
work/study better when the heater is high or low? (13) Are you
currently taking any medication? (14) Are you or have you been
treated by a specialist, including a psychiatrist? (15) Are there any
severe psychiatric diseases present in your family history? And
(16) Do you use soft- or hard drugs? In addition, all participants
were screened using the Mini International Neuropsychiatric
Interview [M.I.N.I. (62)]. The M.I.N.I. is a short, structured
interview that screens for several psychiatric disorders and drug
use, typically used in clinical research (62–64). Participants were
only allowed to participate if they met the following criteria: age
between 18 and 35, BMI > 18.5, no personal or family history
of neurological or psychiatric disorders, no history of substance
abuse or dependence, no chronic or acute use of medication, not
currently taking part in a weight-loss program, general feeling of
being healthy. Following the assessment of BMI, participants were
considered to be normal weight (BMI < 25; from now on referred
to as the “normal weight group”) or overweight (BMI ≥ 25; from
now on referred to as the “overweight group”) according to classification criteria of the WHO (1). BMI measures ranged from
19.6 to 33.0 (M = 24.62, SD = 3.44).
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Materials and Procedures

Upon arrival participants read and signed the informed consent,
after which they filled out the screening questionnaire. Next,
participants filed out the binge eating scale [BES, see Ref. (65)],

3

October 2017 | Volume 4 | Article 51

Steenbergen and Colzato

Overweight and Reactive Control in Task Switching

a 16-item self-report questionnaire that measures the presence
of binge eating behaviors. Scores range from 0 to 32, with higher
scores indicating more severe binge eating symptoms (66). After
filling out these questionnaires, participants first practiced and
then performed the task-switching paradigm, which took about
25 min, after which participants completed this session.
In an additional session, participants were weighed and their
BMI, percentage bodyfat, and percentage muscle were measured
using an OMRON Body Composition Scale Karada Scan. In addition, waist circumference (measured 2 cm above the umbilicus)
and hip circumference were measured while participants exhaled
and relaxed the abdomen. Finally, participants filled out the following questionnaires.
The autism spectrum quotient [AQ (54)] comprises 50 statements, each of which allows the subject to indicate “definitely
agree,” “slightly agree,” “slightly disagree,” or “definitely disagree.”
Approximately half the questions are worded to elicit an “agree”
response from neurotypical individuals, and half to elicit a “disagree” response. The subject scores one point for each question
which is answered either slightly or definitely not neurotypical,
leading to a minimum score of 0 and a maximum score of 50. The
questions cover five different domains associated with the autism
spectrum: social skills, communication skills, imagination, attention to detail, and attention switching/tolerance of change.
The BDI-II (52) is a widely used 21-item multiple-choice selfreport questionnaire with high internal consistency [α = 0.91
(52)], which assesses the existence and severity of current (past
2 weeks) depressive symptoms. Participants were presented with
items related to symptoms of depression and asked to choose,
for each item, the statement that best described how they have
been feeling during the past 2 weeks (including the current day).
Items are rated on a four-point scale ranging from 0 to 3 in terms
of severity. The total score is calculated by adding-up all items;
hence, scores range between 0 and 63 [0–13: minimal depression,
14–19: mild depression, 20–28: moderate depression, and 29–63:
severe depression (67)].
The Barratt Impulsiveness Scale [BIS-11 (68)] is a 30-item
self-report questionnaire to assess trait impulsivity, including
impulsive and non-impulsive (reverse scored items) preferences and behaviors. Total scores range from 30 (i.e., low selfreported impulsivity) to 120 (i.e., high self-reported impulsivity).
Calculation of these total scores are based on a Likert-type scoring
of each item on a scale from 1 (rarely/never) to 4 (almost always/
always). Factor analysis by Patton et al. (68) shows that there
three independent subscales; eight items assessing attentional
impulsiveness (i.e., an impatient tendency reflected by rapid shifts
in attention), 11 items comprising motor impulsiveness (i.e., a
“reckless” tendency reflected by immediate actions), and 11 items
tapping non-planning impulsiveness (i.e., a tendency to ignore
long-term consequences of actions and not to plan ahead).
The Leiden Index of Depression Sensitivity—revised
[LEIDS-r (53)] consists of 34 items that assess the extent to
which dysfunctional cognitions are activated when an individual experiences mild dysphoria. Before answering the items,
participants were asked to take a few minutes to imagine how
they would feel and think if they were to experience a sad mood
and then to indicate the extent to which each statement applied

to them on a five-point Likert scale ranging from 0 (i.e., “not at
all”) to 4 (“very strongly”), as such higher scores reflecting more
cognitive reactivity. The LEIDS-r results in a total score and six
subscales assessing cognitive reactivity related to aggression,
hopelessness/suicidality, acceptance/coping, control/perfectionism, risk aversion, and rumination on sadness.
The STAI (form Y) is a commonly used measure of trait and
state anxiety (51). The STAI consists of 20 items assessing trait
anxiety and 20 assessing state anxiety. All items are rated on a
four-point scale (e.g., ranging from 1, “almost never” to 4, “almost
always”). Scores on both scales range from 20 to 80, with higher
scores indicating greater anxiety.
Upon completion of these questionnaires, participants were
debriefed and awarded course credit or a small monetary reward
for participation. The study conformed to the ethical standards
of the Declaration of Helsinki, and the protocol was approved
by the local ethical committee (Leiden University, Institute for
Psychological Research). All participants were naïve to the purpose of the study and gave their written informed consent.
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Task Switching

The task was adapted from Steenbergen et al. (43) and Colzato
et al. (69). At all times, a 10-cm square divided into four quadrants
was displayed on the computer screen. Stimuli were presented
in white on a black background. Each pair subtended a visual
angle of 1.4° both horizontally and vertically. Stimulus location,
i.e., the quadrant it was presented in, changed in a clockwise manner across trials. On each trial, a character pair was presented in
uppercase in the center of one of the quadrants. When a stimulus
pair was presented in one of the upper two quadrants, participants were supposed to perform a letter task, whereas a pair
presented in one of the lower two quadrants required a number
task. Hence, the display location of the stimuli served as a task
cue. Importantly, the order of the tasks was predictable as stimuli
were presented in the quadrants clockwise, which implies the task
changed predictably every other trial. Depending on the location
(i.e., the required task), the relevant character in the pair was
either a letter or a number. The second and irrelevant character
was either a member of the other category, so that the response
afforded by this character was either congruent or incongruent
with the task-relevant response, or was drawn from a set of
neutral characters. Participants responded using a QWERTY
keyboard with their left index finger (on the “C” key) to indicate
“even” or “consonant,” or their right index finger (on the “M” key)
to indicate “odd” or “vowel.” Consonants were sampled randomly
from the set ⟨G, K, M, R⟩, vowels from the set ⟨A, E, I, U⟩, even
numbers from the set ⟨2, 4, 6, 8⟩, odd numbers from the set ⟨3, 5,
7, 9⟩, and neutral characters from the set ⟨#, ?, *, %⟩, with the
constraint that a character could not be repeated on successive
trials. The position of the task-relevant character within a pair
was randomly determined on each trial. Stimuli were displayed
until a response was registered. Participants received a practice
set of two non-switch blocks of 40 trials each to familiarize with
the letter and number tasks, respectively. Immediately after, they
performed a practice set of nine switch blocks, each with 16 trials, before entering the experimental phase. This consisted of two
sets of 15 blocks, each block consisting of 16 trials. The two sets
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differed with regard to the RSI, in order to be able to disentangle
the preparatory and residual component. One block adapted
an RSI of 150 ms (i.e., in which switch costs reflect preparatory
costs), whereas the other block adapted an RSI of 1,200 ms
(i.e., in which switch costs reflect residual costs). The order of the
RSIs was randomized across participants.

Table 1 | Physical characteristics of the participants, separated for the low and
high body mass index (BMI) groups.

N [M:F]
Age (years)
BMI (kg/m2)**
Percentage body fat**
Percentage muscle*
Waist circumference (cm)**
Hip circumference (cm)**
Waist-to-hip ratio

Statistical Analyses

Statistical tests were performed using IBM SPSS Statistics 23.
A significance level of p < 0.05 was adopted for all statistical
tests. In case of a significant interaction, post hoc analyses were
conducted using Fisher’s LSD tests.

26 [5:21]
20.38 (0.41)
21.67 (0.25)
27.75 (1.39)
31.68 (1.15)
72.00 (1.21)
89.81 (1.48)
0.81 (0.02)

26 [7:19]
20.27 (0.44)
27.58 (0.41)
36.38 (1.52)
29.00 (1.02)
83.94 (1.48)
102.38 (1.40)
0.82 (0.01)

Table 2 | Mean reaction times (RTs, in millisecond), percentage of errors (PEs,
in percent), and switching costs (alternation–repetition) as a function of weight
group (normal vs. overweight), response-stimulus interval (150 ms, short vs.
1,200 ms, long) and task repetition (repetition vs. alternation).

Shapiro–Wilk tests were performed to test for normality assumptions. Separate independent-sample t-tests or non-parametric
Mann–Whitney U tests (i.e., depending on whether or not nor
mality could be assumed) were performed to assess betweengroup (normal weight vs. overweight) differences in terms of
BMI, age, percentage body fat (as measured with the body composition Karada scan), percentage muscle, waist circumference,
and waist-to-hip ratio. A Chi-square test was performed to rule
out possible differences between low and high BMI groups in
terms of gender distribution.

D
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T

Task Switching

Normal weight

SOA

The effect of BMI on cognitive flexibility was assessed by submitting mean correct RTs and percentage of errors (PEs) to separate
repeated measures analyses of variance (ANOVAs) with task
repetition (repetition vs. alternation of task) and RSI (150 vs.
1,200 ms) as within-subject factor and weight group as betweensubjects factor. For all participants and for both RTs and PEs,
task-switching costs were calculated separately for each RSI by
subtracting RTs/PEs on task repetition trials from RTs/PEs on
task alternation trials. The first trial of each block was excluded
from all analyses.

Overweight

150

1,200

150

1,200

Repetition
RTs (ms)
PEs (%)

682 (17.6)
3.7 (0.9)

624 (15.6)
4.3 (0.6)

677 (17.6)
5.2 (0.9)

640 (15.3)
4.0 (0.6)

Alternation
RTs (ms)
PEs (%)

925 (29.3)
8.2 (1.3)

793 (23.2)
8.5 (1.1)

974 (29.3)
11.1 (1.3)

820 (23.2)
8.6 (1.1)

Switch costs
RTs (ms)
PEs (%)

243 (20.7)*
4.5 (0.8)

168 (15.8)
4.2 (0.8)

297 (20.7)*
5.9 (0.8)

180 (15.8)
4.6 (0.8)

SEs are shown in parentheses.
Significant group difference; *p < 0.05.

overweight group were observed to have a significantly higher
BMI, Z = −6.187, p < 0.001, percentage body fat, t(50) = −4.194,
p < 0.001, waist circumference, t(50) = −6.261, p < 0.001, hip
circumference, t(50) = −6.158, p < 0.001, and percentage muscle,
Z = −2.224, p = 0.026, but no differences were observed for, or
waist-to-hip-ratio, Z = −1.309, p = 0.191 (see Table 1).

E
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Shapiro–Wilk tests were performed to test for normality assumptions. Separate independent-sample t-tests or non-parametric
Mann–Whitney U tests (i.e., depending on whether or not nor
mality could be assumed) were performed to assess betweengroup differences on the AQ total score, BDI total score, BES total
score, BIS-II total score and subscales (i.e., attentional impulsiveness, motor impulsiveness, and non-planning impulsiveness),
LEIDS-r total score and subscales (i.e., aggression, rumination,
risk avoidance, hopelessness, acceptance, and perfectionism),
and state- and trait anxiety scores.

Task Switching

Table 2 provides an overview of the relevant outcomes for the
RT and PE analyses. Repeated measures ANOVA performed
on RTs revealed significant main effects of task repetition,
F(1,50) = 346.23, p < 0.001, η2p = 0.87, and RSI, F(1,50) = 79.31,
p < 0.001, η2p = 0.61: participants responded significantly faster on
repetition trials (M = 656 ms, SEM = 10.7) than alternation trials
(M = 878 ms, SEM = 17.3) and when the RSI was long (M = 719 ms,
SEM = 12.7) than short (M = 815 ms, SEM = 15.5). A significant interaction involving these two factors was also observed,
F(1,50) = 85.51, p < 0.001, η2p = 0.63, with switching costs being
more pronounced for the short (M = 270 ms, SEM = 14.6) than
for the long (M = 174 ms, SEM = 11.2) RSI. More importantly,
a significant three-way interaction involving the factors task
repetition, RSI, and group was found, F(1,50) = 4.37, p = 0.042,
η2p = 0.08. Fisher’s LSD post hoc tests showed that switching costs
differed significantly between normal weight and overweight
groups for the short RSI (p = 0.038), but not for the long RSI

RESULTS
Participants’ Physical Characteristics

Sample information is shown in Table 1. No significant betweengroup differences were observed in terms of age, Z = −0.363,
p = 0.717, or gender distribution, χ2(N = 52) = 0.433, p = 0.510.
In comparison to the normal weight group, participants in the
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SEs are given within parentheses.
Significant mean between-group difference; *p < 0.05, **p < 0.001.

Participants’ Physical Characteristics

Questionnaires

Normal weight
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(p = 0.66), indicating that the overweight group demonstrates
less efficient cognitive flexibility (i.e., more pronounced switching costs), but only for the short RSI (see Table 2 and Figure 1).
No significant other sources of variance were observed for the
RT analysis, Fs ≤ 1.9, ps ≥ 0.17.
Percentage of error ANOVA revealed only a significant source
of variance, namely, a significant main effect of Task Repetition,
F(1,50) = 105.75, p < 0.001, η2p = 0.68, with fewer errors on
repetition trials (M = 4.3%, SEM = 0.5) than alternation trials
(M = 9.1%, SEM = 0.7). All the remaining main effects and
interactions were not significant, Fs ≤ 3.4, ps ≥ 0.07.

Z = −2.282, p = 0.022, see Table 3. However, both groups are still
classified as having minimal depression symptoms (67).
Concerning symptoms of binge eating, as assessed by the BES,
one participant from the overweight group missed 1/4th of the
answers and was therefore removed from the data analyses of this
scale. With the remaining 51 participants, a significant betweengroup difference was found with regard to the distribution of
the number of binge eating symptoms, Z = −3.169, p < 0.01,
as shown in Table 3, this indicated that the overweight group
reported more binge eating symptoms (M = 14.16, SEM = 1.12)
than the normal weight group (M = 9.15, SEM = 0.81).
No significant between-group differences were found on impulsiveness as assessed by the BIS-II with regard to the total score,
t(48) = −1.084, p = 0.284, or the subscales attentional impulsiveness,
t(48) = −1.314, p = 0.195, motor impulsiveness, t(48) = −1.351,
p = 0.183, or non-planning impulsiveness, t(48) = −0.214,
p = 0.831, see Table 3. Analyses were performed on 50 participants,
as two participants (one from the normal weight group and one
from the overweight group) did not fill out this questionnaire and
were therefore excluded from the analyses of this scale.
With regard to the LEIDS-r, subscale scores were computed
with the MEAN function and multiplied by the number of items
of the subscale. This allows one missing item per subscale, as
was the case for three participants (one from the normal weight
group and two from the overweight group) who missed one item,
for which the missing value was replaced with the average item
score of the participant for that particular subscale. Independent
samples t-tests revealed no significant between-group differences, neither for the LEIDS-r total score, nor for the aggression,
control/perfectionism, or rumination subscales all ps > 0.120,
see Table 3, in addition, Mann–Whitney U tests indicated no
significant differences for the hopelessness, acceptance, or risk
aversion subscales, Zs ≥ −1.284, ps ≥ 0.199.
Finally, no significant between-group differences were found
for the STAI, nor for state anxiety, Z = −0.550, p = 0.583 and

Questionnaires

With regard to the AQ, two participants from the overweight
group and two participants from the normal weight group
missed an answer to a single question (all different items). For
these individuals, the missing value was replaced by the mean of
that item. One participant from the overweight group did not
fill out the AQ and was therefore excluded from the analysis of
this questionnaire. Of the 51 remaining participants, the distribution of neurotypicality did not significantly differ between the
two weight groups, as the Mann–Whitney U test indicated no
significant differences with regard to total AQ scores, Z = −1.370,
p = 0.171, see Table 3 for the mean group scores.
With regard to the BDI, one participant from the normal
weight group did not fill out the questionnaire and was therefore
excluded from the analysis of this score. Of the remaining 51
participants, one participant from the normal weight group had
one missing value, which was replaced by the mean of the scale
of that participant. Another participant from the normal weight
group had two missing values, which were also replaced by the
mean of the scale of that participant. Mann–Whitney U test
indicated the overweight group to significantly differ from the
normal weight group with regard to BDI total score distribution,
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Table 3 | Mean scores on the questionnaires and, when applicable, subscales.
Normal weight Overweight

Figure 1 | Mean switch costs (calculated as the reaction time difference
between alternation and repetition trials) as a function of group (normal
weight vs. overweight) and the response-stimulus interval (RSI) (150–1,200).
SEs of the switch costs are represented by the error bars.
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Autism spectrum quotient
Beck Depression Inventory II
Binge eating scale

14.27 (1.48)
5.90 (0.88)
9.15 (0.81)

16.48 (1.49)
10.27 (1.65)
14.16 (1.12)

Barratt Impulsiveness Scale-II
Attentional impulsiveness
Motor impulsiveness
Non-planning impulsiveness
Total

16.08 (0.46)
23.12 (0.65)
20.12 (0.74)
59.32 (1.59)

17.08 (0.61)
24.4 (0.69)
20.36 (0.84)
61.84 (1.69)

Leiden Index of Depression Sensitivity—revised
Hopelessness
Acceptance
Aggression
Control/perfectionism
Risk aversion
Rumination
Total
State anxiety
Trait anxiety

5.58 (0.94)
2.54 (0.47)
7.50 (0.77)
9.03 (0.70)
11.23 (0.66)
11.73 (0.82)
47.62 (2.96)
34.28 (1.70)
37.35 (1.86)

6.15 (1.14)
3.81 (0.69)
9.58 (1.06)
9.15 (0.72)
10.17 (0.95)
12.31 (0.89)
51.17 (3.94)
36.33 (2.19)
40.27 (2.50)

SEs in parentheses.
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for trait anxiety, Z = 0.544, p = 0.544, see Table 3 for the mean
scores. For the state anxiety score, three participants (one from
the normal weight group and two from the overweight group)
were missing one answer, these values were replaced by the mean
of that scale using the MEAN function and multiplying by the
number of items (i.e., 20). With regard to the trait anxiety score,
one participant from the overweight group had a missing value
for one item, which was replaced by the mean of the scale using
the MEAN function and multiplying by the number of items
(i.e., 20). Five participants (three from the normal weight group and
two from the overweight group) were excluded from the analyses
of trait anxiety as they did not fill out the second form of the STAI.

(ρ = 0.280, p = 0.044) and to fat percentage and negatively to
muscle percentage when RSI was long (ρ = 0.281, p = 0.043 and
ρ = −0.295, p = 0.034, respectively). Depression symptoms positively correlated to waist circumference and hip circumference
(ρ = 0.344, p = 0.013 and ρ = 0.293, p = 0.037, respectively), and
binge eating symptoms correlated to fat percentage (ρ = 0.305,
p = 0.030). No other significant correlations were observed (all
ps ≥ 0.072).
With regard to the absence of a linear relation between BMI
and switch costs, as pointed out by Horstmann et al. (25), although
in their case implicating overweight to obese individuals, the
relation between BMI, DA, and cognitive performance does not
seem to be linear, but might instead follow a quadratic function.
Fitting a quadratic model of BMI and switch costs by means of
curve estimation, however, does not result in a significant model,
neither when RSI is long (r2 = 0.108, p = 0.061) nor when RSI is
short (r2 = 0.066, p = 0.188). Notably, when analyzing the switch
costs in the short RSI condition, switch costs actually reflect
preparation costs in addition to residual costs. When performing
repeated measures ANOVA, however, the two RSI conditions are
inserted as two levels of one factor. Hence, when looking at main
effects or two-way interactions concerning the short RSI only, the
other factor (i.e., long RSI) serves as a covariate, which results
in short RSI costs reflecting only preparatory costs. Although
the post hoc LSD fished test indicated a significant betweengroup difference regarding switch costs in the short RSI (in this
case reflecting, again, preparation costs in addition to residual
costs), as mentioned earlier, in order to evaluate the costs only
due to time constraints (i.e., speed of implementation) one has
to subtract the switch costs in the long RSI condition from the
switch costs in the short RSI condition. Fitting again a quadratic
function on the resulting variable, this resulted in a significant
model [F(2,49) = 4.81, r2 = 0.164, p = 0.012], indicating that
implementation (i.e., preparatory) costs in relation to BMI indeed
follow an inverted U-shaped function. Notably, implementation
costs in the overweight group are significantly higher than in the
normal weight group, representing the outcome of the three-way

Additional Analyses

Given the significant between-group effects with regard to
BMI, fat percentage, muscle percentage, waist circumference,
hip circumference, task-switching performance, binge eating
symptoms, and depression symptoms, we further explored the
interrelations between these variables. However, we would like
to point out the exploratory nature of these analyses, as these
analyses are not based on a priori hypotheses.
First of all, given the observed between-group difference with
regard to switch costs in the short RSI condition, we computed
Spearman’s rho to assess the correlation between BMI and switch
costs. BMI was not found to correlate with switch costs in the
long or short RSI conditions (ρ = 0.065, p = 0.647 and ρ = 0.234,
p = 0.095, respectively), see Figure 2. Regarding the interrelations between switch costs (in milliseconds or percentage error),
impulsivity, binge eating symptoms, and depression symptoms,
we found more binge eating symptoms to correlate to more
depression symptoms (ρ = 0.372, p = 0.008). Although we found
neither a between-group differences regarding self-reported
impulsivity nor a linear relation between BMI and impulsivity (ρ = 0.139, p = 0.334), self-reported impulsivity correlated
negatively to switch costs in percentage error when RSI was short
(ρ = −0.327, p = 0.021). Switch costs measured in milliseconds
furthermore correlated to hip circumference when RSI was short
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Figure 2 | Mean switch costs in milliseconds as a function of body mass index (BMI). (A) Switch costs calculated as the reaction time (RT) difference between
alternation and repetition trials in the short response-stimulus interval (RSI) (150 ms) condition. (B) Switch costs calculated as the RT difference between alternation
and repetition trials in the long RSI (1,200 ms) condition. (C) Switch costs calculated as the difference between the short RSI and long RSI conditions reflecting
implementation or preparatory costs only due to a time constraint.
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interaction resulting from the RM ANOVA [Mnormalweight = 74 ms,
SD = 74 ms, Moverweight = 118 ms, SD = 76 ms, t(50) = −2.092,
p = 0.042].
That being said, current analyses included two obese individuals (BMI = 32.4 and 33.0) in the overweight group, which
allows the possibility that observed effects are driven by these
individuals demonstrating rather large switch costs in both
conditions (see Figure 2). Based on the WHO definition of
overweight and obesity, individuals with a BMI ≥ 30 should
be considered obese. In order to analyze the effect of being
overweight, but not obese, we therefore performed the taskswitching analyses excluding the obese individuals.
First of all, we replicate the RM ANOVA effect, demonstrating a three-way interaction between task repetition, RSI,
and group for RTs, F(1,48) = 5.683, p = 0.021, η2p = 0.106, but
not percentage error, F(1,48) = 0.329, p = 0.569, η2p = 0.007.
However, Fisher LSD post hoc tests indicate no between-group
differences regarding the switch costs, neither for the short RSI
(p = 0.070, Mnormalweight = 242 ms, SD = 94 ms, Moverweight = 289 ms,
SD = 114 ms) nor for the long RSI (p = 0.874 Mnormalweight = 168 ms,
SD = 60 ms, Moverweight = 164 ms, SD = 78 ms). Correlation analyses demonstrate, again, that BMI does not show a linear relation
with switch costs in the short or long RSI conditions (ρ = 0.165,
p = 0.251 and ρ = −0.044, p = 0.762, respectively). Fitting again
a quadratic model with regard to BMI and switch costs, we replicate our findings, again demonstrating no quadratic relation,
neither when RSI was short (r2 = 0.113, p = 0.059) nor when long
(r2 = 0.020, p = 0.617). Performing this analysis on the costs only
due to lack of preparation (i.e., implementation costs) results in a
significant model, r2 = 0.153, F(2,47) = 4.234, p = 0.020. In other
words, higher switch costs in the overweight group are actually
due to implementation costs (switch costs when RSI is short–
switch costs when RSI is long; Mnormalweight = 74 ms, SD = 74 ms,
Moverweight = 125 ms, SD = 75 ms, t(48) = −2.384, p = 0.021), which
seem positively correlated with BMI if BMI <25 (ρ = 0.265) and
negatively correlated if BMI ≥25 but <30 (ρ = −0.345), although
both are non-significant (p = 0.099 and 0.192, respectively), see
also Figure 2C, possibly due to a lack of power because of the
low number of participants in both groups (N = 24 in the overweight group and N = 26 in the normal weight group).

impulsiveness (35, 50), but see Ref. (33). Specifically, a previous study in adolescents reported increased BMI was related to
impaired cognitive flexibility as measured in a paper and pencil
version of the Stroop paradigm (38). However, our study is
the first to investigate whether this concerns impairments in
the retrieval, implementation, and maintenance of the task set
(i.e., costs on the preparatory component), or stimulus triggered
re-activation of the old task set remains that occurs after
stimulus presentation [i.e., costs on the residual component; see
Ref. (42, 48)], or both.
In accordance with our hypothesis, we found overweight
individuals, as compared to participants with a BMI lower than
25, demonstrated impaired cognitive flexibility as measured in
a task-switching paradigm. However, this difference was only
found when the RSI was short rather than long, and additional
analyses indicated higher switching costs in the overweight
group were found to be due to time constraints (i.e., preparatory/implementation) costs, but not residual costs. This implies
an impairment in reactive task switching in the overweight
group, thought to be due to either the speed of task set retrieval
and implementation or the efficiency to maintain the prepared
task set, or both (42, 46). In other words, both groups of participants were comparable with respect to the control operations
[the reconfiguration of the task set; see also Ref. (69)] but overweight individuals were less efficient (i.e., slower) to produce
this result under time pressure. Additional exploratory analyses
also indicated that in normal weight individuals, switch costs
are driven more by residual costs (as indicated by a smaller
difference between the two RSI conditions on average), but as
BMI increases in this group, the difference becomes larger as
mostly preparation costs increase, as reflected by the found
quadratic relation between BMI and implementation costs. For
overweight individuals on the other hand, switch costs seem to
be driven more by preparation costs (i.e., as reflected by a larger
difference between the two RSI conditions) but as their BMI
increases, preparation costs mostly decrease and residual costs
mostly enlarge (i.e., the difference between the two RSI conditions becomes smaller). Importantly, these effects remained
when excluding the two obese individuals in the current sample,
stressing the fact that our conclusions with regard to task switching apply to overweight, but not necessarily obese individuals.
In contrast to earlier studies (35, 50) and against expectation,
but in accordance with an earlier study by Nederkoorn et al.
(33), we did not observe any difference between self-reported
trait impulsiveness in overweight individuals as compared to
individuals with a BMI lower than 25, even though earlier studies did. We have to be careful interpreting this result, however,
as our sample size is rather small, which limiting the power.
Nevertheless, in contrast to self-report measures, as also suggested by Nederkoorn et al. (33), behavioral measures of impulsivity (70) may be more adequate in measuring impulsivity in
individuals with overweight. That is, self-report measures may
be biased due to demand characteristics or lack of self-insight
[see also Ref. (71)], although it has also been suggested that
overweight-related impulsivity (i.e., impaired inhibition) may
be food-specific and not generalize to general inhibition (3),
as would fit with the observations of two studies reporting no
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The prevalence of weight problems is increasing, as more and
more people worldwide are getting overweight and obese (1).
The increased availability of high-caloric food and the reduction
in physical activity seem the most important factors contributing to obesity (1, 9, 10). However, these environmental changes
cannot explain why some individuals are more prone than
others to get overweight. A key factor in explaining these differences seems to be an inability to control overeating or binge
eating that some individuals may suffer from (12). The current
study aimed at complementing previous research with regard
to cognitive control functions related to, and possibly underlying, overeating and overweight (12). That is, the inability to
control excessive food intake (i.e., overeating or binge eating)
may be related to less efficient cognitive control (12), and trait
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differences between normal weight and obese individuals with
regard to Stroop and stop signal performance (14, 36). Indeed,
and converging with the idea of Volkow et al. (12) that overweight may be the result of an inability to control overeating
or binge eating, the overweight individuals did report more
symptoms of binge eating. It should be noted, however, that
we did not assess dietary patterns in the current study. Hence,
although our results demonstrate overweight individuals to
display more symptoms of binge eating than normal weight
individuals, we have no information on the type of food that
is eaten. Despite van Meer et al. (13) reporting no association
between food preference (i.e., type of food) and weight status,
future studies should clarify the role of dietary pattern in the
(cognitive) control of overeating.
In addition to impaired proactive task switching and increased
symptoms of binge eating, we found overweight individuals to
demonstrate higher self-reported depression symptoms. This
is in line with previous studies that found BMI was associated
with depression (55–57), although both group mean scores
reported here would still be classified as minimal depression
(67). We found no significant between-group differences with
regard to state- or trait anxiety, cognitive reactivity to sad mood,
or self-reported behaviors in the autism spectrum. This seems
contradictory as previous studies found that overweight and
obesity are related to anxiety (55–57), cognitive reactivity to sad
mood (58), and autism (59), but may be explained by the fact
that our overweight group consisted mainly of individuals with
overweight but not obesity.
In addition to BMI, we assessed percentage body fat, muscle percentage, waist circumference, hip circumference, and
waist-to-hip ratio in our sample, as these have been proposed
additional important factors in determining overweight and
obesity [for a review see Ref. (60)]. That is, classifying individuals on the basis of BMI only does not take into account muscle
composition, which can contribute to higher weight, and thus
BMI. However, muscle composition is not necessarily an index
of overweight or obesity. As such, classification on the basis of
BMI may underestimate the association between overweight
and cognitive control [see also Ref. (31)]. In the current study,
we ruled out such a possibility as we found overweight individuals significantly differed from individuals with a normal
BMI (i.e., <25) on percentage body fat, waist circumference,
hip circumference, and muscle percentage (i.e., the lower BMI
group demonstrating a higher muscle percentage), but not age, or
gender distribution. Surprising in light of the recommendations
by Peeters et al. (60), we found no between-group differences
with regard to waist-to-hip ratio. However, previous studies also
found waist circumference but not waist-to-hip ratio to be useful
for classifying overweight and obesity (72), which is especially
important to consider given that our overweight group mainly
consisted of individuals with overweight but not obesity. It must
be noted, however, that dietary intake prior to the assessment
of the above-mentioned characteristics was not assessed, neither
were participants instructed to fast. Hence, it is possible that the
bioelectric assessments (i.e., fat percentage, muscle percentage)
were biased due to, for example, hydration status.

Taken together, our results converge with previous studies
suggesting overweight individuals demonstrate less efficient
cognitive flexibility, a key cognitive control function (40). The
results further suggest these impairments may be a result of
difficulty in preparation (due to time pressure) rather than an
inability to perform such operations. More research is needed
to investigate whether the impairment in reactive task switching is due to the speed of task set retrieval and implementation,
or the efficiency to maintain the prepared task set, or both, and
to further investigate the non-linear relation between BMI and
task-switching costs due to time constraints, as indicated by the
exploratory analyses performed in the current study. In addition,
despite previous studies demonstrating that higher BMI is associated with chronic low-grade inflammation and with augmented
production of pro-inflammatory cytokines, which may account
for the detrimental effect of dopaminergic driven cognitive functions observed in obese and overweight individuals (20–23), it
remains to be investigated whether the cognitive control deficits
and associated neuronal dysfunctions (14, 16–19) observed in
individuals with overweight and obesity play a causal role or are
instead the consequence of these conditions (12). Furthermore,
diet quality and physical activity may influence cognitive control
and weight status, and warrant further investigation in relation to the role of cognitive control in overweight and obesity
(73, 74). To this end, studies evaluating cognitive control functioning before and after weight loss or gain may provide useful
insight. After all, overweight and obesity are preventable (1),
and such studies might help to develop effective weight loss- and
preventive interventions (49, 75).

D
E
T
C
A
R
T
ETHICS STATEMENT

The study conformed to the ethical standards of the Declaration
of Helsinki, the protocol was approved by the local ethical committee (Leiden University, Institute for Psychological Research).
All participants were naïve to the purpose of the study, and gave
their written informed consent.

E
R

Frontiers in Nutrition | www.frontiersin.org

AUTHOR CONTRIBUTIONS

LS performed the study, analyzed and interpreted the data,
and contributed to writing the manuscript. LC supervised the
project and contributed to scientific discussions and manuscript writing. Both authors critically reviewed the content and
approved the final version for publication.

FUNDING
This work was supported by research grant from the Netherlands
Organization for Scientific Research (NWO; http://www.nwo.nl)
awarded to LC (Vidi grant: #452-12-001) and a research grant
from the Amsterdam Brain and Cognition center (ABC; http://
www.abc.uva.nl) awarded to LS (ABC Talent Grant). The NWO
and ABC had no further role in study design; in the collection, analysis, and interpretation of data; in the writing of the
report; and in the decision to submit the paper for publication.

9

October 2017 | Volume 4 | Article 51

Steenbergen and Colzato

Overweight and Reactive Control in Task Switching

REFERENCES

24. Frank GKW, Reynolds JR, Shott ME, Jappe L, Yang TT, Tregallas JR, et al.
Anorexia nervosa and obesity are associated with opposite brain reward
response. Neuropsychopharmacology (2012) 37(9):2031–46. doi:10.1038/
npp.2012.51
25. Horstmann A, Fenske WK, Hankir MK. Argument for a non-linear relationship between severity of human obesity and dopaminergic tone. Obes Rev
(2015) 16(10):821–30. doi:10.1111/obr.12303
26. Wang GJ, Volkow ND, Logan J, Pappas NR, Wong CT, Zhu W, et al. Brain
dopamine and obesity. Lancet (2001) 357(9253):354–7. doi:10.1016/S01406736(00)03643-6
27. Volkow ND, Wang GJ, Fowler JS, Telang F. Overlapping neuronal circuits
in addiction and obesity: evidence of systems pathology. Philos Trans R Soc
Lond B Biol Sci (2008) 363(1507):3191–200. doi:10.1098/rstb.2008.0107
28. Volkow ND, Wang GJ, Telang F, Fowler JS, Thanos PK, Logan J, et al. Low
dopamine striatal D2 receptors are associated with prefrontal metabolism
in obese subjects: possible contributing factors. Neuroimage (2008) 42(4):
1537–43. doi:10.1016/j.neuroimage.2008.06.002
29. Elliott R. Executive functions and their disorders imaging in clinical neuro
science. Br Med Bull (2003) 65(1):49–59. doi:10.1093/bmb/65.1.49
30. Gunstad J, Paul RH, Cohen RA, Tate DF, Spitznagel MB, Gordon E.
Elevated body mass index is associated with executive dysfunction in otherwise healthy adults. Compr Psychiatry (2007) 48(1):57–61. doi:10.1016/j.
comppsych.2006.05.001
31. Sellaro R, Colzato LS. High body mass index is associated with impaired
cognitive control. Appetite (2017) 113:301–9. doi:10.1016/j.appet.2017.03.008
32. Nederkoorn C, Braet C, Van Eijs Y, Tanghe A, Jansen ATM. Why obese children cannot resist food: the role of impulsivity. Eat Behav (2006) 7(4):315–22.
doi:10.1016/j.eatbeh.2005.11.005
33. Nederkoorn C, Smulders FTY, Havermans RC, Roefs A, Jansen A. Impulsivity
in obese women. Appetite (2006) 47(2):253–6. doi:10.1016/j.appet.2006.05.008
34. Mobbs O, Iglesias K, Golay A, Van der Linden M. Cognitive deficits in obese
persons with and without binge eating disorder: investigation using a mental
flexibility task. Appetite (2011) 57:263–71. doi:10.1016/j.appet.2011.04.023
35. Jasinska A, Yasuda M, Burant C, Gregor N, Khatri S, Sweet M, et al. Impulsivity
and inhibitory control deficits are associated with unhealthy eating in young
adults. Appetite (2012) 59:738–47. doi:10.1016/j.appet.2012.08.001
36. Hendrick OM, Luo X, Zhang S, Li CS. Saliency processing and obesity:
a preliminary imaging study of the stop signal task. Obesity (2012)
20:1796–802. doi:10.1038/oby.2011.180
37. Elias MF, Elias PK, Sullivan LM, Wolf PA, D’agostino RB. Lower cognitive
function in the presence of obesity and hypertension: the Framingham heart
study. Int J Obes (2003) 27(2):260–8. doi:10.1038/sj.ijo.802225
38. Delgado-Rico E, Río-Valle JS, González-Jiménez E, Campoy C, VerdejoGarcía A. BMI predicts emotion-driven impulsivity and cognitive inflexibility
in adolescents with excess weight. Obesity (2012) 20(8):1604–10. doi:10.1038/
oby.2012.47
39. Cools R, D’Esposito M. Dopaminergic modulation of flexible cognitive control in humans. In: Björklund A, Dunnett S, Iversen L, Iversen S, editors.
Dopamine Handbook. Oxford, UK: Oxford University Press (2009). p. 249–60.
40. Miyake A, Friedman NP, Emerson MJ, Witzki AH, Howerter A, Wager T.
The unity and diversity of executive functions and their contributions to
complex “frontal lobe” tasks: a latent variable analysis. Cogn Psychol (2000)
41:49–100. doi:10.1006/cogp.1999.0734
41. Cools R, Sheridan M, Jacobs E, D’Esposito M. Impulsive personality predicts
dopamine-dependent changes in frontostriatal activity during component
processes of working memory. J Neurosci (2007) 27:5506–14. doi:10.1523/
JNEUROSCI.0601-07.2007
42. Monsell S. Task switching. Trends Cogn Sci (2003) 7:134–40. doi:10.1016/
S1364-6613(03)00028-7
43. Steenbergen L, Sellaro R, Hommel B, Colzato LS. Tyrosine promotes cognitive flexibility: evidence from proactive vs. reactive control during task
switching performance. Neuropsychologia (2015) 69:50–5. doi:10.1016/j.
neuropsychologia.2015.01.022
44. Steenbergen L, Sellaro R, de Rover M, Hommel B, Colzato LS. No role
of beta receptors in cognitive flexibility: evidence from a task-switching
paradigm in a randomized controlled trial. Neuroscience (2015) 295:237–42.
doi:10.1016/j.neuroscience.2015.03.049

1. World Health Organization. Obesity and Overweight. (Fact sheet no. 311).
(2016). Available from: http://www.who.int/mediacentre/factsheets/fs311/en/
2. Rubenstein AH. Obesity: a modern epidemic. Trans Am Clin Climatol Assoc
(2005) 116:103–11.
3. Houben K, Nederkoorn C, Jansen A. Eating on impulse: the relation between
overweight and food-specific inhibitory control. Obesity (2014) 22(5):6–8.
doi:10.1002/oby.20670
4. Heneghan HM, Heinberg L, Windover A, Rogula T, Schauer PR. Weighing
the evidence for an association between obesity and suicide risk. Surg Obes
Relat Dis (2012) 8(1):98–107. doi:10.1016/j.soard.2011.10.007
5. Griffiths LJ, Parsons TJ, Hill AJ. Self-esteem and quality of life in obese children
and adolescents: a systematic review. Int J Pediatr Obes (2010) 5(4):272–304.
doi:10.3109/17477160903473697
6. Faith MS, Matz PE, Jorge MA. Obesity-depression associations in the
population. J Psychosom Res (2002) 53(4):935–42. doi:10.1016/S00223999(02)00308-2
7. Heras P, Kritikos K, Hatzopoulos A, Kritikos N, Mitsibounas D. Psychological
consequences of obesity. Endocrinologist (2010) 20(1):27–8. doi:10.1097/
TEN.0b013e3181ca0fc0
8. Gustafson D, Rothenberg E, Blennow K, Steen B, Skoog I. An 18-year
follow-up of overweight and risk of Alzheimer disease. Arch Intern Med
(2003) 163(13):1524–8. doi:10.1001/archinte.163.13.1524
9. Rolls ET. Taste, olfactory and food texture reward processing in the brain
and obesity. Int J Obes (2011) 35(4):550–61. doi:10.1038/ijo.2010.155
10. Small DM. Individual differences in the neurophysiology of reward and the
obesity epidemic. Int J Obes (2009) 33:44–8. doi:10.1038/ijo.2009.71
11. Kopelman PG. Obesity as a medical problem. Nature (2000) 404(6778):635–42.
doi:10.1038/35007508
12. Volkow ND, Wang GJ, Baler RD. Reward, dopamine and the control of
food intake: implications for obesity. Trends Cogn Sci (2011) 15(1):37–46.
doi:10.1016/j.tics.2010.11.001
13. van Meer F, Charbonnier L, Smeets PAM. Food decision-making: effects of
weight status and age. Curr Diab Rep (2016) 16(9):84. doi:10.1007/s11892016-0773-z
14. Volkow ND, Wang GJ, Telang F, Fowler JS, Goldstein RZ, Alia-Klein N, et al.
Inverse association between BMI and prefrontal metabolic activity in healthy
adults. Obesity (2009) 17(1):60–5. doi:10.1038/oby.2008.469
15. Gustafson D, Lissner L, Bengtsson C, Björkelund C, Skoog I. A 24-year
follow-up of body mass index and cerebral atrophy. Neurology (2004)
63(10):1876–81. doi:10.1212/01.WNL.0000141850.47773.5F
16. Gunstad J, Paul RH, Cohen RA, Tate DF, Spitznagel MB, Grieve S, et al.
Relationship between body mass index and brain volume in healthy adults.
Int J Neurosci (2008) 118(11):1582–93. doi:10.1080/00207450701392282
17. Stanek KM, Grieve SM, Brickman AM, Korgaonkar MS, Paul RH, Cohen RA,
et al. Obesity is associated with reduced white matter integrity in otherwise
healthy adults. Obesity (2011) 19(3):500–4. doi:10.1038/oby.2010.312
18. Kullmann S, Heni M, Veit R, Ketterer C, Schick F, Häring HU, et al. The obese
brain: association of body mass index and insulin sensitivity with resting state
network functional connectivity. Hum Brain Mapp (2012) 33(5):1052–61.
doi:10.1002/hbm.21268
19. Hsu CL, Voss MW, Best JR, Handy TC, Madden K, Bolandzadeh N, et al.
Elevated body mass index and maintenance of cognitive function in late life:
exploring underlying neural mechanisms. Front Aging Neurosci (2015) 7:155.
doi:10.3389/fnagi.2015.00155
20. Mathieu P, Lemieux I, Despres JP. Obesity, inflammation, and cardiovascular
risk. Clin Pharmacol Ther (2010) 87:407–16. doi:10.1038/clpt.2009.311
21. Mathieu P, Pibarot P, Larose E, Poirier P, Marette A, Despres JP. Visceral
obesity and the heart. Int J Biochem Cell Biol (2008) 40:821–36. doi:10.1016/
j.biocel.2007.12.001
22. Dantzer R. Cytokine-induced sickness behavior: mechanisms and implications. Ann N Y Acad Sci (2001) 933:222–34. doi:10.1111/j.1749-6632.2001.
tb05827.x
23. Felger JC, Hernandez CR, Miller AH. Levodopa reverses cytokine-induced
reductions in striatal dopamine release. Int J Neuropsychopharmacol (2015)
18:pyu084. doi:10.1093/ijnp/pyu084

D
E
T
C
A
R
T

E
R

Frontiers in Nutrition | www.frontiersin.org

10

October 2017 | Volume 4 | Article 51

Steenbergen and Colzato

Overweight and Reactive Control in Task Switching

45. Meiran N, Chorev Z, Sapir A. Component processes in task switching. Cogn
Psychol (2000) 41:511–23. doi:10.1006/cogp.2000.0736
46. Rogers RD, Monsell S. Costs of a predictable switch between simple cognitive
tasks. J Exp Psychol Gen (1995) 124(2):207. doi:10.1037/0096-3445.124.2.207
47. Meiran N. Reconfiguration of processing mode prior to task performance.
J Exp Psychol Learn Mem Cogn (1996) 22:1423–42. doi:10.1037/0278-7393.
22.6.1423
48. Kiesel A, Steinhauser M, Wendt M, Falkenstein M, Jost K, Philipp AM, et al.
Control and interference in task switching – a review. Psychol Bull (2010)
136:849–74. doi:10.1037/a0019842
49. Veling H, Aarts H, Stroebe W. Using stop signals to reduce impulsive choices
for palatable unhealthy foods. Br J Health Psychol (2013) 18(2):354–68.
doi:10.1111/j.2044-8287.2012.02092.x
50. Murphy CM, Stojek MK, MacKillop J. Interrelationships among impulsive
personality traits, food addiction, and body mass index. Appetite (2014)
73:45–50. doi:10.1016/j.appet.2013.10.008
51. Spielberger CD, Gorsuch RL, Lushene RE, Vagg RE, Jacobs GA. Manual for the
State-Trait Anxiety Inventory. Palo Alto, CA: Consulting Psychologists Press
(1983).
52. Beck AT, Steer RA, Ball R, Ranieri WF. Comparison of Beck Depression
Inventories-IA and -II in psychiatric outpatients. J Pers Assess (1996)
67(3):588–97. doi:10.1207/s15327752jpa6703_13
53. van der Does AJW, Williams JMG. Leiden Index of Depression Sensitivity –
Revised (LEIDS-R). Leiden: Leiden University Press (2003).
54. Baron-Cohen S, Wheelwright S, Skinner R, Martin J, Clubley E. The
autism-spectrum quotient (AQ): evidence from Asperger syndrome/highfunctioning autism, males and females, scientists and mathematicians.
J Autism Dev Disord (2001) 31(1):5–17. doi:10.1023/A:1005653411471
55. Miller GE, Freedland KE, Carney RM, Stetler CA, Banks WA. Pathways
linking depression, adiposity, and inflammatory markers in healthy young
adults. Brain Behav Immun (2003) 17(4):276–85. doi:10.1016/S08891591(03)00057-6
56. Hillman JB, Dorn LD, Huang B. Association of anxiety and depressive
symptoms and adiposity among adolescent females, using dual energy
X-ray absorptiometry. Clin Pediatr (Phila) (2010) 49(7):671–7. doi:10.1177/
0009922810363155
57. Elena BA, Gabriela B, Andreea V, Tatar R, Daniela S, Tilea I, et al.
Association between increased waist circumference and depression and
anxiety trend. Acta Med Marisiensis (2015) 61(2):87–90. doi:10.1515/amma2015-0028
58. Paans NP, Bot M, Gibson-Smith D, Van der Does W, Spinhoven P, Brouwer I,
et al. The association between personality traits, cognitive reactivity and body
mass index is dependent on depressive and/or anxiety status. J Psychosom Res
(2016) 89:26–31. doi:10.1016/j.jpsychores.2016.07.013
59. Croen LA, Zerbo O, Qian Y, Massolo ML, Rich S, Sidney S, et al. The health
status of adults on the autism spectrum. Autism (2015) 19(7):814–23.
doi:10.1177/1362361315577517
60. Peeters A, Tanamas S, Gearon E, Al-Gindan Y, Lean ME. Beyond BMI: how
to capture influences from body composition in health surveys. Curr Nutr
Rep (2016) 5(4):286–94. doi:10.1007/s13668-016-0183-5
61. Wannamethee SG, Atkins JL. Muscle loss and obesity: the health implications
of sarcopenia and sarcopenic obesity. Proc Nutr Soc (2015) 74(4):405–12.
doi:10.1017/S002966511500169X
62. Sheehan DV, Lecrubier Y, Sheehan KH, Amorim P, Janavs K, Weiller
E, et al. The mini-international neuropsychiatric interview (MINI): the

63.
64.
65.
66.

67.
68.
69.

development and validation of a structured diagnostic psychiatric interview for
DSM-IV and ICD-10. J Clin Psychiatry (1998) 59:22–33.
Colzato LS, De Bruijn E, Hommel B. Up to “me” or up to “us”? The impact
of self-construal priming on cognitive self-other integration. Front Psychol
(2012) 3:341. doi:10.3389/fpsyg.2012.00341
Colzato LS, van den Wildenberg WPM, Hommel B. The genetic impact
(C957T-DRD2) on inhibitory control is magnified by aging. Neuropsychologia
(2013) 51(7):1377–81. doi:10.1016/j.neuropsychologia.2013.01.014
Gormally J, Black S, Daston S, Rardin D. The assessment of binge
eating severity among obese persons. Addict Behav (1982) 7(1):47–55.
doi:10.1016/0306-4603(82)90024-7
Grupski AE, Hood MM, Hall BJ, Azarbad L, Fitzpatrick SL, Corsica JA.
Examining the binge eating scale in screening for binge eating disorder
in bariatric surgery candidates. Obes Surg (2013) 23(1):1–6. doi:10.1007/
s11695-011-0537-4
Van der Does W. Handleiding bij de Nederlandse versie van Beck Depression
Inventory (BDI-II-NL). Amsterdam: Pearson (2002).
Patton JH, Stanford MS, Barratt ES. Factor structure of the Barratt
Impulsiveness Scale. J Clin Psychol (1995) 51(6):768. doi:10.1002/10974679(199511)51:6<768::AID-JCLP2270510607>3.0.CO;2-1
Colzato LS, Waszak F, Nieuwenhuis S, Posthuma D, Hommel B. The
flexible mind is associated with the catechol-O-methyltransferase (COMT)
Val158Met polymorphism: evidence for a role of dopamine in the control
of task switching. Neuropsychologia (2010) 48:2764–8. doi:10.1016/j.
neuropsychologia.2010.04.023
Logan GD, Schachar RJ, Tannock R. Impulsivity and inhibitory control.
Psychol Sci (1997) 8(1):60–4. doi:10.1111/j.1467-9280.1997.tb00545.x
Strasser ES, Haffner P, Fiebig J, Quinlivan E, Adli M, Stamm TJ. Behavioral
measures and self-report of impulsivity in bipolar disorder: no association
between Stroop test and Barratt Impulsiveness Scale. Int J Bipolar Disord
(2016) 4(1):16. doi:10.1186/s40345-016-0057-1
Neovius M, Linne Y, Rossner S. BMI, waist-circumference and waist-hipratio as diagnostic tests for fatness in adolescents. Int J Obes (2005) 29(2):
163–9. doi:10.1038/sj.ijo.0802867
Nicklas TA, Baranowski T, Cullen KW, Berenson G. Eating patterns, dietary
quality and obesity. J Am Coll Nutr (2001) 20(6):599–608. doi:10.1080/
07315724.2001.10719064
Angevaren M, Aufdemkampe G, Verhaar HJ, Aleman A, Vanhees L. Physical
activity and enhanced fitness to improve cognitive function in older people
without known cognitive impairment. Cochrane Database Syst Rev (2008)
(3):CD005381. doi:10.1002/14651858.CD005381.pub3
Veling H, Chen Z, Tombrock MC, Verpaalen IAM, Schmitz LI, Dijksterhuis A,
et al. Training impulsive choices for healthy and sustainable food. J Exp
Psychol Appl (2017) 23(2):204–15. doi:10.1037/xap0000112

D
E
T
C
A
R
T
70.

71.

72.
73.

74.

75.

E
R

Frontiers in Nutrition | www.frontiersin.org

Conflict of Interest Statement: The authors declare that the research was conducted in the absence of any commercial or financial relationships that could be
construed as a potential conflict of interest.
Copyright © 2017 Steenbergen and Colzato. This is an open-access article distributed
under the terms of the Creative Commons Attribution License (CC BY). The use,
distribution or reproduction in other forums is permitted, provided the original
author(s) or licensor are credited and that the original publication in this journal
is cited, in accordance with accepted academic practice. No use, distribution or
reproduction is permitted which does not comply with these terms.

11

October 2017 | Volume 4 | Article 51

